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ABSTRAK

Perkembangan media sosial mempercepat penyebaran opini publik dan
memengaruhi persepsi masyarakat terhadap isu politik, termasuk polemik
gaji DPR RI. Penelitian ini menganalisis sentimen warganet menggunakan
pendekatan machine learning dengan dua metode klasifikasi, yaitu Naive
bayes dan Support Vector Machine (SVM). Data diperoleh melalui crawling
menggunakan tweet- harvest@latest pada periode 25 Agustus 2025-29
Oktober 2025 sebanyak 1.500 tweet berbahasa Indonesia, dilabeli manual
menjadi tiga kelas (positif=1, negatif=2, netral=3), diproses melalui cleaning
dan preprocessing (case folding, penghapusan tanda baca, stopword
removal, tokenizing, serta normalisasi atau stemming), lalu
direpresentasikan dengan TF-IDF dan dibagi menjadi 80% data latih (1.186
tweet) serta 20% data uji (297 tweet). Hasil menunjukkan sentimen
didominasi negatif 88,60%, diikuti positif 5,46% dan netral 5,93%, dengan
akurasi Naive bayes 77% dan SVM 90%. Penelitian ini diharapkan
menghasilkan perbandingan kinerja kedua metode berdasarkan akurasi,
presisi, recall, dan F1-score, memberikan gambaran kecenderungan
sentimen publik terhadap isu gaji DPR RI, serta menjadi rujukan dalam
memahami persepsi masyarakat dan kontribusi pengembangan analisis
sentimen pada konteks sosial-politik.

Kata Kunci: Analisis Sentimen, Naive bayes, Support Vector Machine, TF-
IDF, Gaji DPR, Media Sosial.
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ABSTRACT

Analyzes public sentiment regarding Indonesian House of Representatives
(DPR RI) salaries/allowances on X (Twitter) and compares the performance
of Naive Bayes and Support Vector Machine (SVM) for classifying
sentiments into positive, negative, and neutral. The data were collected
through a crawling process using tweet-harvest@latest during August 25,
2025-October 29, 2025, resulting in 1,500 Indonesian-language tweets.
Sentiment labels were assigned manually into three classes (positive=1,
negative=2, neutral=3), after which the data underwent cleaning and
preprocessing (case folding, punctuation removal, stopword removal,
tokenizing, and normalization/stemming) and were represented using TF—
IDF weighting. The dataset was split into 80% training data (1,032 tweets)
and 20% testing data (259 tweets) for model training and evaluation. The
results show that public sentiment is predominantly negative at 89.47%
(1,500 items), followed by positive at 6.20% (80 items) and neutral at 4.34%
(56 items). Performance evaluation indicates that Naive Bayes achieved
76% accuracy, while SVM achieved 91% accuracy, demonstrating that SVM
provides better overall performance on the study dataset

Keywords: Sentiment Analysis, Naive bayes, Support Vector Machine,
TF-IDF, DPR Salary, Social Media.
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