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ABSTRAK

Program Makan Bergizi Gratis (MBG) merupakan kebijakan sosial pemerintah
yang memunculkan beragam respons masyarakat di media sosial. Penelitian ini
bertujuan untuk menganalisis sentimen publik terhadap Program MBG serta
membandingkan kinerja algoritma Naive Bayes (NB) dan K-Nearest Neighbor
(KNN) dalam klasifikasi sentimen berbasis teks. Data penelitian dikumpulkan dari
platform X menggunakan kata kunci terkait MBG pada periode 1 Agustus 2025
sampai 30 September 2025, dengan total 15.854 tweet berbahasa Indonesia. Setelah
melalui proses cleaning dan preprocessing, data valid yang digunakan untuk
pemodelan berjumlah 14.169 tweet. Tahapan preprocessing meliputi case folding,
remove punctuation, stopword removal (dengan normalisasi), fokenizing, dan
stemming. Selanjutnya, fitur teks dibentuk menggunakan pembobotan TF-IDF dan
data dibagi menjadi data latih dan data uji dengan rasio 70:30 menggunakan teknik
Stratify. Klasifikasi dilakukan ke dalam tiga kelas sentimen, yaitu negatif, netral,
dan positif. Hasil analisis menunjukkan distribusi sentimen didominasi oleh
sentimen negatif sebesar 55,09% (7.805 data), diikuti sentimen netral 23,25%
(3.294 data) dan sentimen positif 21,67% (3.070 data). Evaluasi kinerja model
menggunakan metrik accuracy, precision, recall, dan FlI-score menunjukkan
bahwa Naive Bayes memperoleh akurasi 72%, sedangkan KNN memperoleh
akurasi 71%. Dengan mempertimbangkan akurasi keseluruhan dan karakteristik
performa per kelas, Naive Bayes memberikan kinerja yang lebih baik pada dataset
penelitian ini.

Kata Kunci: Analisis Sentimen, Naive Bayes, K-Nearest Neighbor, Program
Makan Bergizi Gratis, Media Sosial X, Text Mining, TF-IDF



ABSTRACT

The Free Nutritious Meal (MBG) Program is a government social policy that has
elicited various public responses on social media. This study aims to analyze public
sentiment toward the MBG Program and compare the performance of Naive Bayes
(NB) and K-Nearest Neighbor (KNN) algorithms in text-based sentiment
classification. Research data was collected from the X platform using keywords
related to MBG during the period of August 1, 2025, to September 30, 2025, with a
total of 15,854 Indonesian-language tweets. After cleaning and preprocessing,
14,169 valid tweets were used for modeling. Preprocessing stages included case
folding, punctuation removal, stopword removal (with normalization), tokenizing,
and stemming. Furthermore, text features were formed using TF-IDF weighting,
and the data was split into training and testing sets with a 70.:30 ratio using the
Stratify technique. Classification was conducted into three sentiment classes:
negative, neutral, and positive. The results showed that the sentiment distribution
was dominated by negative sentiment at 55.09% (7,805 data), followed by neutral
sentiment at 23.25% (3,294 data) and positive sentiment at 21.67% (3,070 data).
Performance evaluation using accuracy, precision, recall, and F1-score metrics
showed that Naive Bayes achieved an accuracy of 72%, while KNN achieved an
accuracy of 71%. Considering the overall accuracy and performance
characteristics per class, Naive Bayes provided better performance on this research
dataset.

Keywords: Sentiment Analysis, Naive Bayes, K-Nearest Neighbor, Free Nutritious
Meals Program, X Social Media, Text Mining, TF-IDF
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